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Abstract: The introduction of Artificial Intelligence (Al) in organisations is generating growing interest, particularly in the field of
recruitment, where its use raises numerous considerations. With this in mind, we conducted a case study within Rekrute, a pioneering
placement firm in Morocco in Al development, to explore how this technology is deployed across different recruitment phases.
Through a qualitative approach, our research examines how Al tools are integrated, the benefits they offer, and the concerns and
challenges recruiters face throughout the process. Our findings reveal that Al plays a crucial role in optimising candidate identification
and attraction while facilitating pre-selection through objective assessment. Furthermore, Rekrute implements Al-driven solutions to
support candidates in their career paths, enhancing recruitment efficiency while fostering career development. However, challenges
remain, including the risks of algorithmic bias and the need for human validation to ensure fairness. This study thus provides insights
into the impact of Al on recruitment, prompting reflection on the balance between technological innovation and the humanisation of
processes. It also highlights the importance of control mechanisms to monitor automated decisions, ensuring the ethical and effective

application of Al in recruitment.
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INTRODUCTION

Artificial Intelligence (AI) has emerged as a pivotal
technology across various domains, and recruitment is no
exception. Since its inception in the 1950s, when researchers
like Alan Turing laid the groundwork for systems capable
of simulating human intelligence, Al has evolved rapidly,
incorporating Machine Learning (ML), natural language
processing, and computer vision techniques. Over the
decades, its applications have expanded from research and
development sectors to businesses, where it has become
a valuable tool for optimising operational processes.
In recruitment, the introduction of Al has opened new
possibilities, not only accelerating the selection process
but also diversifying candidate evaluation criteria. In this
context, innovative companies have begun adopting these
technologies to transform their hiring practices, making the
process more efficient.

Al is defined by Russell and Norvig (2016) as the study and
design of systems capable of performing tasks that typically
require human intelligence, such as natural language
understanding, decision-making, and visual perception. The
growing interest in integrating Al into recruitment processes
stems from its potential benefits, such as enhancing hiring
efficiency and reducing biases in candidate selection.
Research by Hunter and Hunter (1984), as well as Dipboye

and Johnson (2013), highlights the significance of Al in
optimising the selection process while emphasising that final
decisions should remain human-driven to ensure the quality
and ethical integrity of hiring choices. However, concerns
persist regarding the possibility that automated systems may
replicate existing biases, as indicated by the work of Salgado
(1997). Thus, while Al tools offer valuable support, human
judgment remains crucial in the process to prevent the risks
of excessive automation.

In this rapidly evolving technological landscape, companies
are striving to adapt to the expectations of today’s talent,
making the integration of Al into the selection process a
major concern. In particular, Rekrute has positioned itself at
the forefront of this transformation, leveraging Al not only
to assist recruiters but also to enhance candidates’ skills. This
study, therefore, examines how this placement firm deploys
Al in its recruitment practices, providing both practical and
theoretical insights into this evolving process.

The objective of this research is to explore the role of Al
within Rekrute’s recruitment process. We aim to understand
how this technology is utilised at different stages of hiring
and its impact on the experience of both recruiters and
candidates, highlighting the tools used, perceived benefits,
and challenges encountered. This issue underscores the
importance of studying the effects of Al in a field where
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human and ethical considerations are paramount and where
the need for human interaction clashes with technological
advancements.

Existing literature suggests a significant potential for
exploration, often focusing on the technical dimensions of
Al without examining its practical application in specific
contexts such as Rekrute. This lack of studies on the concrete
and operational use of Al in recruitment highlights the
need for an in-depth qualitative analysis of the company’s
practices. By considering the perspectives of various
stakeholders involved, this research seeks to explore how Al
is integrated and leveraged at each stage of the recruitment
process at Rekrute. The central question of this study is thus:
How does Al contribute to recruitment within this company
while accounting for the human interactions that enrich this
process?

To structure this research, we will first review the literature
and theoretical foundations related to Al in recruitment.
We will then outline the methodology adopted for our field
study within Rekrute, before analysing the results obtained.
Through this approach, we aim to contribute to a better
understanding of Al deployment in recruitment processes
and propose recommendations for its ethical and effective
application.

THEORETICAL FRAMEWORK OF THE
RESEARCH

The Deployment of Artificial Intelligence in the
Recruitment Process

Al in the Candidate Identification and Attraction
Phase

The widespread use of the Internet, coupled with the
increasing difficulty of attracting talent, has highlighted the
importance of online sourcing. Among the different stages
of recruitment, sourcing is one of the first areas to have
extensively integrated Al to automate candidate search and
yield better results compared to traditional sourcing methods
Hmoud and Laszl6 (2019).

Professional online recruitment platforms such as LinkedIn,
Monster, Indeed, or Job-Builder leverage Al to match
candidate qualifications with predefined job requirements
(Allal-Chérif et al., 2021; Hmoud & Léaszlo, 2019). These
intelligent search engines can instantly identify potential
passive candidates on social media or job platforms using
data mining algorithms. These algorithms are also capable of
predicting candidate performance and retention. Candidates
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identified through profile analysis are then notified about
relevant job opportunities (Allal-Chérif et al., 2021; Hmoud
& Lasz16, 2019).

Additionally, through filtering algorithms, the Applicant
Tracking System (ATS) continuously scans the company’s
database for suitable profiles. As a result, recruiters are
alerted when a candidate’s skills match an open position.

Additionally, Al tools update candidate data by extracting
information from their social media profiles (Vardarlier &
Zafer, 2020). According to Lacroux and Martin-Lacroux
(2021), data collection that goes beyond the information
voluntarily provided by candidates—particularly by
retrieving data from social media—is considered a means of
optimising the match between job supply and demand.

Sometimes, the challenge is not just finding the right
candidates but also persuading them to apply by crafting
compelling job descriptions. Al software providers, such as
Textio, use Al-powered text-mining techniques to predict
the attractiveness of job postings based on recruitment
outcomes from millions of job advertisements. The software
analyses job listings to identify key phrases that statistically
impact their performance. Additionally, a tone analyser can
determine whether the overall wording is likely to attract
more men or women and provide suggestions to enhance the
inclusivity of the language used (Lewis, 2018; Yarger et al.,
2020).

Thus, Al can help companies de-bias job descriptions,
making them gender-neutral to attract a diverse pool of
candidates or tailor them to a specific target group (Rab-
Kettler et al., 2019).

Al in the Candidate Preselection Phase

At the screening stage, automated techniques such as Natural
Language Processing (NLP) and Machine Learning (ML)
algorithms can analyse CVs, extract relevant information
such as skills and experience, and rank candidates based
on their suitability for the position. These techniques have
proven to be promising in enhancing the efficiency and
effectiveness of the preselection processes (Li et al., 2021).

Other tools go even further by using ML to predict a
candidate’s future job performance based on signals related
to tenure or productivity, or the absence of signals such as
punctuality issues or disciplinary actions (Bogen, 2019).
From the initial screening, algorithms can also suggest the
most suitable job opening for a given candidate (Rab-Kettler
et al., 2019). These screening tools are considered highly
effective in streamlining the process, particularly for large
employers who receive a high volume of applications per



job opening. However, concerns have been raised about the
possibility of highly qualified candidates being overlooked
(Persson, 2016).

Chatbots, also known as intelligent autonomous agents,
can perform various tasks that support human work. They
can conduct an initial screening by asking candidates
questions. Specifically, chatbots can engage with potential
candidates by sending messages via email, SMS, or social
media platforms such as Messenger or WhatsApp. They
are capable of holding real conversations with candidates
to preselect them using simple criteria, asking questions
about their professional experience, skills, and interests
(Allal-Chérif et al., 2021; Nawaz & Gomes, 2020). This
task is often considered by recruiters to be the most time-
consuming and tedious part of the process (Fraij & Laszlo,
2021; Hmoud & Laszlo, 2019; Nawaz & Gomes, 2020). On
the other hand, recruiters can also respond to candidates’
questions about the job description and the company using
NLP (Allal-Chérif et al., 2021).

The advantage of using these conversational agents lies
in the fact that they can engage with a large number of
candidates simultaneously, without time constraints,
allowing recruiters to focus on those who stand out. They
can also be used to inform potential candidates about
the stages of the recruitment process or to reach out to
candidates who may have been overlooked during the
process. According to Nawaz and Gomes (2020), 85% of
candidates do not receive any feedback from the company
after submitting their application, leading to a negative
experience and a poor impression of the organisation.
Finally, while these chatbots do not perform the same tasks
as recruiters, they complement their efforts (Allal-Chérif
etal., 2021).

By automating the screening process, recruiters can save
time and resources, ensuring that suitable candidates are
not inadvertently overlooked (Li et al., 2021). Thus, the use
of automated techniques in the screening process can be
a valuable tool for efficiently managing a large volume of
applications.

Al in the Candidate Evaluation and Selection Phase

The interview and selection process is a critical step in
recruitment, where pre-screened candidates are evaluated
based on several selection criteria to determine the final
list of candidates for hire (Hunter & Hunter, 1984).
Interviews assess the fit between the job, the person, and
the organisation by evaluating communication, teamwork,
and subject knowledge (Salgado, 1997). Different types
of assessments, such as cognitive ability tests, personality
assessments, situational judgment tests, and behavioural
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interviews, are used for various jobs and selection criteria
(Dipboye & Johnson, 2013).

Although selection algorithms are not new in practice, there
has been a recent trend towards analysing video interviews
in recruitment. In such structured video interviews, Al
technology replaces a human interviewer and asks the
candidate a set of predetermined questions (Chamorro-
Premuzic et al., 2016; Fernandez-Martinez & Fernandez,
2020). Moreover, Al technology can not only evaluate the
actual responses but also use audio and facial recognition
software to analyse additional factors such as tone of voice,
micro facial movements, and emotions to provide insights
into certain personality traits and skills (Kochling et al.,
2021; Tambe et al., 2019; van Esch & Black, 2019).

HireVue, a US-based startup, uses Al-assisted video
interviews to record candidates’ posture after they have
completed the interview using facial recognition technology
(Vardarlier & Zafer, 2020). The Al algorithms analyse
word choice, gestures, tone shifts, and micro-expressions
of the candidate to assess their ability to fit the role and
the organisation’s culture, ultimately identifying the most
suitable candidate for the position. For instance,

Al can determine if a candidate has lied about a particular
topic during the interview, based on the movement or
dilation of the interviewee’s pupils at the moment of the
question (Laurim et al., 2021; Vardarlier & Zafer, 2020).
Some tools also subject the candidate to a rating system
based on characteristics such as self-confidence, energy, and
positive behaviour (Vardarlier & Zafer, 2020).

Another Al tool used to evaluate candidates is serious
games. These are real-life situation simulations that use Al
to challenge candidates and analyse their behaviour through
emotions. This method is deployed by recruiters to verify
if a candidate can analyse situations, make quick decisions,
adapt to unforeseen circumstances, and propose original
solutions. Furthermore, according to Lacroux and Martin-
Lacroux (2021), psychometric tests, known for their strong
predictive validity, can also be used to analyse a candidate’s
behaviour in a given situation, thus objectifying the process.

Al Tools: Advantages and Limitations

According to the literature, there is a wide range of Al
platforms that organisations can use. Some companies have
also started developing their own Al products to integrate
into their HR departments and recruitment processes (Zhang
et al., 2021). This trend of developing internal Al products
reflects the growing need for organisations to tailor their HR
practices to their specific needs and contexts (Zhang et al.,
2021).
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Table 1 below provides a summary of the most commonly
used Al tools in organisations, along with a description
of their specific uses in various stages of the recruitment
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process. These tools highlight the diverse applications of Al
in this field.

Table 1: A Summary of the AI Tools Most Frequently Utilised in Recruitment Processes

Tools

Description of Use

Job Description Creation
Tools
language.

Some Al-based tools assist in drafting job descriptions using neutral and unbiased language, which can help
attract a more diverse pool of candidates. These tools can also target specific audiences by utilising tailored

Applicant Tracking Systems
(ATS)
experience.

ATS use Al algorithms to sort, filter, and rank applications based on predefined criteria, enabling recruiters to
efficiently manage a large volume of applications. ATS can also analyse resumes to identify relevant skills and

Predictive analytics tools

given role.

Predictive analytics tools use Al algorithms to predict the performance of potential candidates based on
historical data and predictive models. This helps recruiters identify the candidates most likely to succeed in a

Recruitment chatbots

Al-based chatbots can interact with candidates to answer their questions, schedule interviews, collect
information about their skills and qualifications, and provide feedback. Chatbots can automate part of the
recruitment process and offer an enhanced user experience.

Video analysis

into candidates beyond their resume.

Video analysis tools use Al to assess candidates’ non-verbal skills during video interviews, such as body
language, facial expressions, and non-verbal communication. This allows recruiters to gain additional insights

(Raveendra et al., 2020; Vedapradha et al., 2019) argue that
Al assists and accelerates the recruitment process, from
sourcing to the final selection of the best candidates. By
leveraging this intelligent technology, which is capable of
quickly analysing large volumes of data and predicting the
likelihood of a candidate’s success, organisations can save
time, reduce costs, and better match jobs with the desired
talent (Allal-Chérif et al., 2021; Raveendra et al., 2020;
Vedapradha et al., 2019).

While Al can be a groundbreaking technology for enhancing
the recruitment process, concerns exist regarding the bias in
Al outcomes. The way in which algorithms are developed,
relying on tangible and available data from previously
hired candidates, explains why Al, as used in recruitment
processes, is not free from bias (Lacroux & Martin-Lacroux,
2021; Soleimani et al., 2022). Algorithms are influenced by
the data provided by humans. However, if these data are
biased, Al will replicate and amplify decisions made in the
past (Fraij & Laszlo, 2021; Soleimani et al., 2022).

Another risk associated with Al usage is the creation of a
homogeneous workforce. Several researchers refer to the
“cloning” effect induced by learning algorithms. By relying
on predictable and classical correlations, these algorithms
may lead organisations to obtain similar profiles, with
comparable skills and characteristics. Additionally, this
could result in targeting stereotyped candidates, offering
limited added value. Consequently, the data may lead to
formatting phenomena that exclude atypical, unpredictable,

and potentially more interesting profiles (Allal-Chérif et al.,
2021; Lacroux & Martin-Lacroux, 2021).

METHODOLOGY

As part of our exploratory research on the integration of
Al in recruitment processes, we chose to conduct a case
study on the company Rekrute. A pioneer in Morocco in
the development of Al applied to recruitment, this agency
specialises mainly in supporting companies in their search
for candidates. Rekrute facilitates the connection between
over 3,000 recruiting companies and more than 1.5 million
candidates registered in the agency’s database. The Rekrute
platform allows recruiters to post job offers and candidates
to submit their CVs.

During this field study, conducted between June 1, 2023,
and March 1, 2024, the Rekrute company provided us with
two main documentary sources: an internal document and
semi-structured interviews with managers from various
departments of the organisation, including the technical
department, human resources, communication, and general
management. The choice of this sample is based on its
relevance to understanding the different dimensions of Al
integration in the recruitment process, taking into account
technical, strategic, and operational perspectives. These
sources were cross-referenced to ensure a comprehensive
analysis of Al deployment within Rekrute. This study period
captures recent developments in Al-based recruitment, in a



context where technological advancements are accelerating.
This research primarily aims to explore and illustrate the
specific practices of a major player in the recruitment field,
without claiming to generalise the results. However, due to
Rekrute’s central role in the Moroccan recruitment market,
these findings may offer insights into broader trends in Al
integration within this domain.

Our study follows a qualitative method based on a
constructivist epistemological approach and employs an
abductive reasoning mode. The objective was to explore the
role of Al in the recruitment process at Rekrute in order to
understand how this technology is used, at which stages of
the process, and what its impact is on the latter.

Based on the literature review we conducted, we focused on
three phases of recruitment in our data collection: candidate
identification and attraction, pre-selection, and finally,
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candidate evaluation and selection. More concretely, we
structured our interview guide around these three phases to
ensure consistency in the discussions with the interviewed
managers. This guide, presented in Table 2, was enhanced
with open-ended questions, allowing participants to freely
share their experiences regarding the use of Al at each stage
of the process.

Aware of the biases that may arise from the interaction
between the interviewer and the participants, we took care
to minimise any influence by adopting a neutral stance,
asking questions in a non-suggestive manner, and favouring
open follow-up questions. Additionally, data triangulation
was implemented by cross-referencing information from
the interviews with internal documents provided by the
company. This approach helped ensure greater validity of
the results by confronting different sources of information
and reducing the risks of biased interpretation.

Table 2: Interview Guide

The Candidate Identification and
Attraction Phase

Q1/ What is the goal of sourcing for Rekrute?

Q2/1s Al used by Rekrute in this phase?
If yes: What Al tools are used, and how are they implemented?

Q3/Is online sourcing done solely by referring to your candidate database on your platform, or do
you also source candidates through social media?

Q4/ Do you use filtering algorithms?
Q5/ How do you proceed with prospecting and exploring passive candidate profiles?

The Candidate
Pre-selection Phase

position?

Q1/ What Al tools do you use in this stage?

Q2/ Do you use Machine Learning (ML) or Natural Language Processing (NLP) to analyse
CVs, identify relevant information, and then classify candidates based on their suitability for the

Q3/ Do you use chatbots to inform potential candidates about the stages of the recruitment process,
or to reach out to candidates who may have been overlooked during the process?

Q4/ What are the risks associated with the use of AI?
Q5/ To what extent does human expertise play a role in the decisions made by Al, and why?

The Interview and Candidate
Selection Phase

through AI?

Q1: Is the face-to-face interview with the candidate organised by Rekrute or by the company?
Q2: Do you conduct Al-assisted video interviews in this stage?

Q3: How do you evaluate candidates in this phase?

Q4: Do you use “Serious Games” and Psychometric tests?

QS5: Do you have periodic updates on the status of applications or follow-up with candidates

Regarding the coding of the data collected during our
semi-structured interviews, we adopted the Gioia and
Corley (2013) model to structure our analysis. This three-
phase approach allowed us to transform raw responses
into meaningful insights. Initially, we identified raw
codes, representing elements of discourse directly derived
from the participants in order to capture the richness and

diversity of their experiences. Subsequently, these raw
codes were grouped into aggregated codes, facilitating
the emergence of recurring themes and patterns in the
recruiters’ perceptions of Al. Finally, we synthesised
these aggregated codes into theoretical dimensions, which
enabled us to present a structured summary of the results,
as shown in Table 3 below.
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Table 3: The Coding of Our Data According to the Gioia and Corley Model (Gioia, Corley, Hamilton, 2013)

Raw Codes
(First-Order Codes)

(Second-Order Codes)

Theoretical Dimensions
(Aggregate Dimensions)

Aggregated Codes

“Here, we use the Al’s writing capability to draft a job offer in a
few seconds.”

“Al can be useful and efficient... whenever you need to write a job
advertisement.”

“Our Al can create CV summaries in no time.”
“Al could write an explanation of why this CV is interesting.”

“Al manage to organise the candidate’s profile based on data in 30
seconds.”

“Al can handle thousands of CVs and highlight the best ones.”
“Al can compare candidates against each other based on criteria.”

“We use Al to analyse the matching 4k data and generate a score
for each candidate.”

“Al can help make a decision, organise something for you.

Role of Al in the Recruitment
Process

Recruitment Process Optimisation

“Al was reproducing biases... by using past data to train Als, we
get past results.”

“There will never be women on a construction site... it’s Al that
reproduces that.”

“We must be careful about the biases Al can introduce into the
selection process.”

“Algorithms can reinforce existing stereotypes.”

“We need to be vigilant about how data is used to avoid biases.”
“Let’s say we don’t give it much room for maneuver.”

“Al can make mistakes, and we need to be aware of that.”

“We always need to keep a critical eye on the results provided by
AL”

Risks and Limitations of Al:
Bias and Ethics

Ethics in Algorithmic Recruitment

“The human ultimately makes the decision.”

“It is your human intelligence that is at play here.”

“We shouldn’t let the Al take the wheel.”

“Al is here to assist, not to replace humans.”

“The final decision must always be made by a human being.”

“The validation and adjustment of job ads generated by our Al
Kiara remain the responsibility of recruiters.”

The Intervention of Humans

Augmented Intelligence in
Recruitment”

ANALYSIS OF THE EMPIRICAL STUDY

Rekrute is primarily dedicated to assisting companies in
their search for candidates. Its central mission focuses on
recruitment, although Al is not yet deployed at all stages of
the process or across all related tasks.

The company places great importance on human contact in
its interactions, whether with employers or candidates, which
reflects its commitment to ethical Al. Although it does not
directly participate in recruitment decisions, Rekrute offers
analytical tools such as profile matching, based on criteria
defined by recruiters. Additionally, the company provides a
candidate follow-up service, allowing candidates to access
information about their progress and chances of success,

although this follow-up is mainly handled by the recruiting
companies themselves.

Rekrute has implemented an integrated and strategic
approach to optimising its recruitment process by using
Al in some areas while maintaining an essential human
dimension:

In the candidate identification and attraction phase, Rekrute
uses Al to generate job ads through the “Kiara” tool,
which allows ads to be created in just a few minutes, thus
reducing the time spent on writing from several days to just
minutes. This also ensures consistency in the presentation
of job offers. However, the validation and adjustment of
these ads remain the responsibility of recruiters, ensuring
that the final content is appropriate and free from bias.



“Al developers must program specific guidelines to
prevent the Al from reproducing stereotypes or biases. For
instance, the “Kiara” Al has been trained not to base its
recommendations on gender.”

A project aimed at improving the recommendations of
job ads is also underway. It seeks to refine suggestions by
considering not only the characteristics of candidates but also
their behaviour, such as the ads they have viewed or applied
to. This project leverages machine learning and deep learning
techniques to identify patterns in the interactions between
candidates and recruiters. It will provide more personalised
and relevant recommendations, thereby enhancing the
matching between candidates and job positions.

In this phase, Rekrute primarily relies on its own candidate
database for sourcing, but it may also turn to other sources,
such as social networks like LinkedIn, especially for rare
or specific profiles. For candidates not registered in their
database, recruiters can contact them directly to encourage
them to create a profile on Rekrute. While Al can be useful
in this phase, Rekrute emphasises that Al should be a tool for
assistance and not a substitute for human evaluation.

The use of traditional filtering algorithms is also a key element
of the sourcing process. These algorithms select profiles
based on specific criteria such as industry, job function, level
of experience, and educational background. This helps refine
the selection process by ensuring that only the most relevant
candidates move forward to the next stages.

In the pre-selection phase, Rekrute uses Al to create CV
summaries. This technology allows for the extraction,
structuring, and presentation of information from CVs in an
efficient and relevant manner, streamlining the recruitment
process for recruiters while enhancing the quality of the
information available about candidates.

“At Rekrute, Al can extract relevant information from
a CV and structure it using XML tags, which quickly and
effectively fills profiles on recruitment platforms, making
them more accessible to companies.”

Still in the pre-selection phase, the internal document
provided by Rekrute mentions the use of Al in the “4K
matching” process. This system evaluates candidates based
on personality traits and values through psychometric tests,
allowing for the assessment of cultural fit between candidates
and the company. Al is therefore employed to analyse this
data and generate a “cultural matching” score, comparing
the values of the candidates with those of the company.
Additionally, it also plays a role in evaluating candidates’
skills by analysing CVs and checking their alignment with
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the job requirements.

However, after further discussions with Rekrute’s team
members, we observed that Al plays a more qualitative role
in interpreting the scores generated algorithmically. Once
the results are obtained, Al performs data analysis, providing
decision support by interpreting the results in a way that
makes them easier for recruiters to use.

“Al is involved in transforming the matching of job
candidates, first through coding, and then we rely on Al for
an understandable interpretation of the coding results. Al
helps us present the data clearly and structured, which can
facilitate decision-making by recruiters.”

Moreover, Al is employed to draft comparative analyses
between candidates, thereby facilitating recruiters’
understanding of the differences between candidates based
on specific criteria.

An important aspect of this phase is the use of human
chats rather than chatbots to interact with candidates.
While chatbots can optimise time and energy in screening
applications, Rekrute prioritises human interactions,
emphasising the importance of human judgment in the
selection process.

Furthermore, to prepare for the candidate selection phase,
Rekrute utilises Al in the creation of interview guides. By
analysing job requirements, Al automatically generates
relevant questions, which can be customised depending
on the specifics of each role. This helps standardise the
evaluation process, reducing biases and ensuring a fair
approach for all candidates. Additionally, by analysing
the results of previous interviews, Al contributes to
continuously improving these guides, thereby ensuring
a more effective recruitment process. This approach
highlights the importance of transparency and clarity in
the selection process, values that Rekrute emphasises by
providing detailed information on selection criteria and
the number of candidates, fostering mutual understanding
between recruiters and candidates.

“When the recruiter asks the same questions to everyone,
they assess the answers based on a uniform standard. This
makes it easier to compare candidates’ skills and experiences,
as each response is judged according to the same criteria.”

“By standardising the process, we reduce subjective
influences that could affect the recruiter’s judgment. For
example, a recruiter might unconsciously favour a candidate
who resembles them or shares their opinions, but a structured
guide helps minimise these influences.”
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“By using our interview guide, the recruiter must justify their
choices more transparently. This makes it more difficult for
a recruiter to favour a candidate based on subjective criteria,
such as gender or other personal characteristics. The process
becomes more explicit, promoting inclusion.”

In summary, Al is used in a targeted way at Rekrute. It
primarily serves as a decision-support tool, assisting
recruiters in optimising certain tasks. However, it does not
replace human judgment; instead, it acts as a complement
that enhances the precision and efficiency of the
recruitment process. This approach reflects a commitment
to using technology to enrich the recruitment process
while preserving the importance of human interaction in
decision-making.

Beyond this role for recruiters, our interviews revealed
another equally significant aspect: namely the application
of Al in support of candidates. Indeed, Rekrute has
implemented several initiatives using Al to assist candidates
in their professional journey. Among these initiatives is the
creation of CV summaries, allowing candidates to present
their skills and experiences concisely. With the help of Al,
they can obtain a first draft that they can then personalise,
ensuring that their profile is showcased in the best possible
way.

Guidance for candidates is another essential element of
this approach. By relying on past data, Rekrute analyses
candidates’ previous career paths to guide them toward
future opportunities. For example, it may highlight trends
that show how former employees in similar roles have
evolved into specific careers, providing valuable insights for
candidates seeking direction.

Rekrute has also developed psychometric tests to help
candidates better understand their personalities. These tests,
along with career management advice, ensure that a potential
position aligns with their aspirations and temperament. By
preventing candidates from ending up in unsuitable roles,
this approach aims to improve their professional satisfaction
and success.

Finally, the colleagues interviewed at Rekrute emphasise
the importance of informed decision-making. According to
them, Al is not intended to replace candidates’ judgement
but to provide them with relevant information they can
analyse. This allows them to retain control over their career
paths, which is crucial for those who may feel lost in the
complex job market. Ultimately, this thoughtful use of Al
aims to offer valuable support to candidates by providing
the tools they need to navigate their careers with confidence.
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DISCUSSION

In the candidate identification and attraction phase, the
practices observed at Rekrute demonstrate a relevant
integration of AIl, notably through the tool “Kiara” to
automate and accelerate the writing of job ads. This aligns
with findings in the literature, which highlight the efficiency
of algorithms in optimising online sourcing and matching
candidates’ qualifications to job requirements (Hmoud
& Laszlo, 2019). However, Rekrute distinguishes itself
by emphasising human validation, ensuring that job ads
generated by Al are reviewed by recruiters to avoid any
biases. This approach reflects a balanced collaboration
between Al and human expertise, where the literature tends
to advocate for more extensive automation (Allal-Chérif et
al., 2021). Additionally, while Rekrute uses social networks
such as LinkedIn to attract specific profiles, the company
seems to prioritise its own database, whereas other Al
tools leverage social media information more extensively
to update candidates’ profiles (Vardarlier & Zafer, 2020).
This cautious approach to Al, relying on human verification
processes, reflects a concern for ethics and control, which
could explain the differences observed compared to more
automated practices.

In the candidate preselection phase, Rekrute uses Al to
create CV summaries and assess candidates’ suitability
through psychometric tests. This approach aligns with the
literature, which highlights the effectiveness of Machine
Learning (ML) techniques and NLP for analysing CVs and
ranking candidates based on their relevance (Li et al., 2021).
However, a notable discrepancy arises regarding the use of
chatbots: while the literature values their ability to directly
interact with candidates for initial screening (Allal-Chérif
et al., 2021), Rekrute prioritises human intervention for this
task. This choice seems to stem from a desire to maintain
human judgment in interactions with candidates, considering
chatbots less suitable for managing the qualitative aspects of
applications.

On the other hand, AI’s ability to interpret the results of
psychometric tests and generate “cultural matching” scores
at Rekrute shows a complementarity with the algorithmic
approach described in the literature, thereby facilitating
decision-making for recruiters. This balanced approach,
combining automation and human expertise, highlights
Rekrute’s careful adoption of Al while leveraging its
potential to enhance the efficiency of the preselection
process.

In the selection phase, the use of Al in the recruitment
process reveals an interesting synergy between theory and



practice. The literature, particularly the works of Hunter and
Hunter (1984), emphasises the importance of standardising
interview questions and uniform evaluation methods to
ensure fair assessment of candidates and reduce biases. This
approach is implemented at Rekrute, where Al generates
personalised and standardised questions, allowing for an
objective comparison of applications. Moreover, the focus
is on continuous learning, supported by the analysis of past
performance, which translates into constant improvements in
interview guides, as noted by Dipboye and Johnson (2013).

The theory also emphasises the role of Al as a decision-
support tool, while acknowledging the need to maintain
human judgment in the process (Salgado, 1997). This
reality is confirmed at Rekrute, where recruiters must
justify their choices, thus promoting crucial transparency.
Finally, while the literature primarily addresses the impact
of Al on recruiters, Rekrute stands out due to its nature as
a placement company, interacting with both recruiters and
candidates. This specificity justifies the extensive use of Al
for both parties, aiming not only to optimise the selection
process but also to support candidates in showcasing their
skills and managing their career paths.

This discrepancy between theory, often focused on the
effectiveness of tools for recruiters, and the practice at
Rekrute highlights the importance of a holistic approach
that enriches both the recruitment process and the candidate
experience. This opens the door to future reflections on
the balance to be struck between technology and human
interaction in HR processes.

CONCLUSION

At the conclusion of our research, the results of our study
highlight the essential role played by Al in the recruitment
process, both for recruiters and candidates. For recruiters, Al
optimises candidate identification, attraction, and evaluation,
while also helping to reduce biases in selection. At the same
time, Rekrute provides candidates with Al tools that enhance
their applications, guide them in choosing companies, and
support their career development, thus strengthening their
position in the job market.

In light of the existing literature, it is clear that the integration
of Al enables more efficient application management and
promotes greater objectivity in recruitment decisions. Thus,
we have been able to answer the central research question:
Al contributes to the recruitment process at Rekrute by
facilitating the pre-selection and evaluation of candidates,
while also offering valuable resources to help candidates
navigate their professional journey.

Al in Placement Firms: Rekrute Morocco Case Study “

However, it is crucial to maintain ethical vigilance
throughout this process, ensuring that algorithms do not
reinforce existing stereotypes and that human judgement
remains central to the final decisions. To ensure responsible
use of Al in recruitment, it is recommended that companies
adopt a balanced approach, combining the capabilities of
Al with rigorous human oversight. This would not only
improve the experience for recruiters and candidates but also
help establish fairer and more equitable practices.

However, this study has certain limitations, particularly
its focus on the application of Al within Rekrute, which
may restrict the generalisability of the conclusions
to other contexts or sectors. Additionally, the chosen
sample, consisting solely of internal managers from
the company, may introduce bias in the analysis by not
directly considering the perspectives of candidates or
client companies. Furthermore, the data collection took
place at a time when several Al-related projects were under
development at Rekrute. A longitudinal study would allow
for a better observation of the evolution of this technology’s
implementation and an analysis of its long-term effects.

While Al offers undeniable benefits, its integration into
the selection process raises concerns about the quality of
human interactions, which are essential in recruitment. For
future research, a thorough investigation into candidates’
perceptions of Al usage would enrich our understanding
of the dynamics at play. Finally, analysing best practices
for balancing technology and human interaction will be a
promising avenue to ensure that Al remains a complementary
tool to human expertise in the recruitment process.

REFERENCES

Allal-Chérif, O., Yela Aranega, A., & Castafio Sanchez, R.
(2021). Intelligent recruitment: How to identify, select,
and retain talents from around the world using artificial
intelligence. Technological Forecasting and Social
Change, 169, 120822. doi:https://doi.org/10.1016/].
techfore.2021.120822

Bogen, M. (2019). All the ways hiring algorithms can
introduce bias. Harvard Business Review.

Chamorro-Premuzic, T., Winsborough, D., Sherman, R. A,
& Hogan, R. (2016). New talent signals: Shiny new objects
or a brave new world? Industrial and Organizational
Psychology, 1(3), 621-640. doi:https://doi.org/10.1017/
10p.2016.6

Dipboye, R. L., & Johnson, S. K. (2013). Understanding
and improving employee selection interviews. In APA



Journal of Strategic Human Resource Management

Handbook of Testing and Assessment in Psychology (vol.
1, pp. 479-499). Test Theory and Testing and Assessment
in Industrial and Organizational Psychology, APA
Handbooks in Psychology®. American Psychological
Association, Washington, DC, US. doi:https://doi.
org/10.1037/14047-027

Fernandez-Martinez, C., & Fernandez, A. (2020). Al and
recruiting software: Ethical and legal implications.
Paladyn, Journal of Behavioral Robotics, 111, 199-216.
doi:https://doi.org/10.1515/pjbr-2020-0030

Fraij, J., & Laszl6, V. (2021). A literature review: Artificial
intelligence impact on the recruitment process.
International Journal of Engineering and Management
Sciences, 6(1), 108-119. doi:https://doi.org/10.21791/
IJEMS.2021.1.10

Hmoud, B., & Laszl6, V. (2019). Will artificial intelligence
take over human resources recruitment and selection?
Network Intelligence Studies, 21-30.

Hunter, J. E., & Hunter, R. F. (1984). Validity and
utility of alternative predictors of job performance.
Psychological Bulletin, 96(1), 72-98. doi:https://doi.
org/10.1037/0033-2909.96.1.72

Kochling, A., Riazy, S., Wehner, M. C., & Simbeck, K.
(2021). Highly accurate, but still discriminatory. Bus
Inf Syst Eng, 63(1), 39-54. doi:https://doi.org/10.1007/
$12599-020-00673-w

Lacroux, A., & Martin-Lacroux, C. (2021). L’Intelligence
artificielle au service de la lutte contre les discriminations
dans le recrutement: Nouvelles promesses et nouveaux
risques. Management & Avenir, 122(2), 121-142.
doi:https://doi.org/10.3917/mav.122.0121

Laurim, V., Arpaci, S., Prommegger, B., & Krcmar, H. (2021).
Computer, whom should I hire? — Acceptance criteria for
artificial intelligence in the recruitment process.

Lewis, N. (2018). Will Al remove hiring bias? Strategic HR
Review.

Li, X., Guo, Z., Cui, W., & Xing, C. (2021). A review of
natural language processing and machine learning for
automated resume screening. International Journal of
Machine Learning and Cybernetics, 1139-1156.

Nawaz, N., & Gomes, A. M. (2020). Artificial intelligence
chatbots are new recruiters. doi:https://doi.org/10.2139/
ssrn.3521915

Persson, A. (2016). Implicit bias in predictive data profiling
within recruitments. In A. Lehmann, D. Whitehouse, S.
Fischer-Hiibner, L. Fritsch & C. Raab (Eds.), Privacy
and Identity Management. Facing Up to Next Steps (vol.
498, pp. 212-230). Cham: Springer. doi:https:// doi.
org/10.1007/978-3-319-55783-0_15

Volume 14 Issue 2 June 2025

Rab-Kettler, K., Lehnervp, K., & Lehnervp, B. (2019).
Recruitment in the times of machine learning.
Management Systems in Production Engineering, 27(2),
105-109. doi:https://doi.org/10.1515/mspe-2019-0018

Raveendra, P. V., Satish, Y. M., & Singh, P. (2020). Changing
landscape of recruitment industry: A study on the
impact. Retrieved November 1, 2025, from https://www.
ingentaconnect.com/content/asp/jctn/2020/00000017/
f0020009/art00106;jsessionid=1gulxvk73wme?2
x-ic-live-03

Russell, S., & Norvig, P. (2016). Artificial intelligence: A
modern approach (3™ ed.). Pearson.

Salgado, J. F. (1997). The five factor model of personality
and job performance in the European community. Journal
of Applied Psychology, 82(1), 30-43. doi:https://doi.
org/10.1037/0021-9010.82.1.30

Soleimani, M., Intezari, A., & Pauleen, D. J. (2022).
Mitigating cognitive biases in developing Al-assisted
recruitment systems: A knowledge-sharing approach.
International Journal of Knowledge Management (IJKM),
18(1), 1-18. doi:https://doi.org/10.4018/1JKM.290022

Tambe, P., Cappelli, P., & Yakubovich, V. (2019). Artificial
intelligence in human resources management: Challenges
and a path forward. California Management Review.
doi:https://doi.org/10.1177/0008125619867910

Van Esch, P., & Black, J. S. (2019). Factors that influence
new generation candidates to engage with and complete
digital, Al-enabled recruiting. Business Horizons, Digital
Transformation & Disruption, 62(6), 729-739. doi:https://
doi.org/10.1016/j.bushor.2019.07.004

Vardarlier, P., & Zafer, C. (2020). Use of artificial
intelligence as business strategy in recruitment Process
and social perspective (pp. 355-373). doi:https://doi.
org/10.1007/978-3-030-29739-8 17

Vedapradha, R., Hariharan, R., & Shivakami, R. (2019).
Artificial intelligence: A technological prototype in
recruitment. Journal of Service Science and Management,
12(3), 382-390. doi: https://doi.org/10.4236/
jssm.2019.123026

Yarger, L., Cobb Payton, F., Neupane, B., Payton, F. C., &
Neupane, B. (2020). Algorithmic equity in the hiring of
underrepresented IT job candidates. Online Information
Review, 44(2), 383-395. doi:https://doi.org/10.1108/
OIR-10-2018-0334

Zhang, D., Mishra, S., Brynjolfsson, E., Etchmendy, J.,
Ganguli, D., Grosz, B., Lyons, T., Manyika, J., Niebles, J.,
Sellito, M., Shoham, Y., Clark, J., & Perrault, R. (2021).
Al index report 2024 — Artificial intelligence index.
Retrieved March 1, 2025, from https://aiindex.stanford.
edu/report/



